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Night (18-24, 0-2 UTC)
Morning (2-10 UTC)
Afternoon (10-18 UTC)

COPS 4D data set
18 I0Ps during 35 days

Combination of various
forcing mechanisms

Several extreme events

D-PHASE ensemble

* Unique multi-model combination using
different parameterizations, data assimilation
systems, and boundary conditions:

- 6 ensemble forecast systems
- 11 models with convection parameterization
- 9 convection permitting models

» Suitable for selection of multi-model
ensemble and for predictability studies
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captured Fig.1: Precipitation and MSG Cl statistics during COPS
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Unique sensor synergy with
excellent data quality

Precipitation process chain
can be studied in detail

All COPS science questions
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missions and quicklooks via COPS web site. vapor measurement during IOP 13, August 1-2, 2007. y !

caused by convection parameterization.

First case study of process chain, IOP 8b Model performance during IOP 8b

Deep convection with short lifetime was initiated in the COPS domain. Just two models (MESO-NH and AROME) managed to simulate deep convection.
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Proposals of suitable combinations of model forecasts for process studies in order to:
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Analyze and improve model ensemble skills Studies of predictability based on Bayesian statistics with NUMEX
for optimal combination of ensemble Bayesian factor B: s, -!@1M) I: likelihood, d: data vector, M;: ith model, M,: reference
= Ensemble calibration using, e.g., CILDA moclcl.
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Bayesian averaging or reforecasting. ! If the variable is multivariate normally distributed (™) e |Gk, detk, exp( 2 ,)
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= Performance analyses with with G =K'+K," and A, =(d-f)K{G'K*(d-Tf)
probabilistic skill scores A variable d is predictable in dependence of forecast range t if P.(d):= B, (d) > B; (sign. nonzero).

= Selection of multi-boundary, convection Fg1® First evauation of Consequently, we are proposing a method to quantify predictability of, e.g., precipitation, in
permitting multi-model ensemble domain. dependence of forecast range, resolution, domain, and model physics.
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